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Introduction

Humans separate musical stimuli into genres. Musical
preference, related to genre on an individual basis, has
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Questions

. Where are mental representations of genre encoded
in the brain?
II. Can genre be predicted from brain activity?
I. If so, what are the best ways of doing this?
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Use of short stimuli was meant to minimize the affect

the confounding of musical preference with the
resulting brain activity.

« Ambient and Symphonic showed deactivation,
whereas Country and Rock ‘n’ Roll showed positive
activation relative to average musical response
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Conclusions

Musical genre can be decoded from brain activity in HG,
STG, PP, and PT. Though the LG is involved in processing

significant voxels in HG, PP, and STG in addition to the
lingual gyrus (LG)

Pairwise Genre Comparisons

=
== musical stimuli, its inability to encode genre, confirms
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3 3 the presence of higher-order mental representations of
£EC music, separate from auditory stimuli—one being
>

traditional genre designations.
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